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MAPSS: Multi-sensor Aerosol Products Sampling System
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AOD error depending on loading
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AMODIS O, 7 outliers removed
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Challenges of the multivariate analysis

 Near impossible to report results at each individual site

e Additional parameters further complicate the analysis
— Multiple statistics (R2,RMSE, Error Envelope, etc.)
— Multiple seasons
— Multiple validation strategies (mean vs closest pixel)
— Different QA filters, outliers, and so on

* Looking at your own data becomes problematic!
* Possible solutions

— Tables can fit more data than plots, but are harder to read and
understand (besides, they can not fit everything either)

— Digital supplements and archives are a tempting solution, but
are they actually read?

— Interactive tools and data services




Interactive multi-sensor tools
MAPSS data explorer:
http://giovanni.gsfc.nasa.gov/mapss explorer/
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This user interface is used to obtain selected parameter statistics from the M. database for a chosen location and time period. Time
Series Plot 1s the available service. Plot output is rendered as a graph and is also available in ASCII format.

=

o)

Atlantic
cean

@

O & nn;:m To see tme seres plots of MAPSS data, choose om the critena below and dick Get Plot(s)
s S Y =0
) L ot ‘ vassss) Indiar Select Station
® South South : Oceal y

Pacific Atlantic

0 ol [ 2200 Ocean Ocean Soun GSFC Browse
mor{a!s 2000 ky mpmmmmpumJ@mu

@ rvovs @om @ rowere

©~
S5 @w-w @ Owoown @
5 @noosrs @ueiws @roows |28 @umecr |® @uen | S Select Parameters
D u)'<=u 5 [} © T 2Tt LATATWTL TVNE 3 SETP RNACTON YOrT each Jaf bekne (SagTTIng ath fhe it Tout gl AT e Ciok AGT Seecied pataTetars sl te a3ed & e auTriaty Megest £ sSOne Dursmiaters
5 .moms @ @cruor SE Ova\:n: a O'DCN< w |8 Y ) Ad
» k7] 5 £ 9o azic vanced
) T rooll =
@roosrs @rocen @room | S Ouees | § Qo |3 - — (s
MODIS water vapar L2 (Terra), Best ACO Best ACO at 354nm }| | Central value
MODIS water vapar L2 "m)-@ Best SSA Best AOD at 388nm Mean
Best AOD at S00nm Median

Standard deviation 2

AERONET data synergy tool: e e

POLDER-2 aersols over land L3 Y | ||| Surface albedo

L ——— o i s[5 o e e oa (2] 22 30000 S
http://aeronet.gsfc.nasa.gov/cgi-bin/ ‘ ' : | :

Selected Measurements

ba mgomas interactive MODIS aerosols L2 (Aqua), ver. 051 : Corrected AOD - kand  AOD at 550nm - land : Mean (etere)

No. of pixels with value: @ Al O »=5

e AERONET ™ v Quality over land: O Al O »= 1 (Marginal or Better) O »= 2 (Good or Better) @ = 3 (Very Good)
(GODDARD SPACE FLIGHT CENTER P e Y
DATA SYNERGY TOOL & -

| OMI sercsols L2, ver. 003 : Best AOD : Best ACD at 500nm : Mean Delete
No.ofpxels wth value:  © Al O =2
to find [ Proy y this isplay
MODIS Rapid Respor images are not avail: between January 2011 and mi (More Information) Final m M: :_, Al e =0 (Mﬂsl re'labh) (_: <=2 (LQSS reli )
Initial Date: Year | 2014 : |Month| JAN : Day| 1
Entor Site Name: GEFC - Addmons S
38.992500° N, 76.839833°
Change Site | w
Elovation: 87m Select Date Range
Surface Data Satellite Retrievals  Model Output
[AERONET ") MODIS Rapid ) Back
~ AoD Rosponso Trajoctory
| Inversions (v2) ~ GIOVANNI Hyspl Kinematic Back Trajectory Analyses for 00 and 12UTC
) MODIS Monthly  Traj " - . )
e e WoDisDaly (. o D L LSt N Date Range:  5407-09-01 = o [2007-12-01 =
D SOA Retrievals MISR Monthly NOGAPS
| Cloud Mode MISR Daily Weather
B Retrievals (Provisional) || OCEAN (SEAWIFS
Use an;ez::a r:: :Bm m:rs:ueu for. AERON:E‘r sites: o I:::;Io::\:gm 2 0018 Nionthty) Yo soe time series plots of MAPSS data, choose from the critera abave and dlick Get Plot(s)
MPLNET TOMS & OMI Daily
) Backscatterand [ AIRS (Daily - " " S . .
Extinction Deytime and O seectaAn ACKNOWLEDGMENT: Support for the development of this data access system for integrated validation, intercomparison, and analysis of acrosol
¢ peoducts from multiple satellites has been provided by NASA HQ (PM: Stephen Berrick) through the ROSES 2006 ACCESS Program (PI: Charles
Change Image Size: (=) Small () Large Ichoku). The AERONET data are contributed by the Interational AERONET Federation (PL: Brent Holben).




Benefits of multi-sensor systems for end

users of the data

* Dramatically cut learning curve necessary to
access multiple data products, including
proprietary data formats, proper use of QA flags,
usage recommendation, and so on

* Enable quick and efficient what-if analysis
* Reduce overall analysis time

Pitfalls

* Greater potential for abusing the data

* Analysis types are limited to those implemented in
the system

* Need to provide a unified L2(G) data for multiple sensors



